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Key Features

A Infinite Dimension

A Spatial Smoothness

A Spatial Correlation

A Spatial Heterogeneity




Image is the point or set of points in the range corresponding
to a designated point in the domain of a given function.
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Spatial Smoothness

Cartoon Model

A Disjoint Partition

gl R* g (d)
D=C,,D, andD, £D, =f

A Piecewise Smoothness: Lipschitz condition

A Smoothed Boundary

A Local Patch

A Degree of Jumps
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AY, Cartoon Model
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